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5.1 REM4M

In[1]:
import numpy as np

import pandas as pd

from datetime import datetime

data = pd.read_csv('CSV/RFM.csv')

data['DealDateTime'] = pd.to_datetime(data.DealDateTime)
data['DateDiff'] = datetime.now() - data.DealDateTime
data[‘DateDiff’] = data.DateDiff.dt.days # iT85_E/XEYIAIAIEIEES

g
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5.1 REM4M

In[1]: R_Agg = data.groupby('CustomerID’,
as_index=False)['DateDiff'].agg('min’)

F_Agg = data.groupby('CustomerID’,
as_index=False)['OrderID'].agg('count')

M_Agg = data.groupby('CustomerID’,
as_index=False)['Sales'].agg('sum')

aggData = R_Agg.merge(F_Agg).merge(IM_Agg)
HEERPHDE , ShlRiTEaEPREBYRNEKE. WESIXEFEYEEE
AEBEHEIREIE

s
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5.1 REM4M

In[1]: aggData.columns = ['CustomerID’', 'RecencyAgqg’', 'FrequencyAgg', 'MonetaryAgg']

bins = aggData.RecencyAgg.quantile(q=[0, 0.2, 0.4, 0.6, 0.8, 1], interpolation= 'nearest')
bins[0] = 0 #if{RERIVEEXIAM

R_S = pd.cut(aggData.RecencyAgg, bins, labels=[5, 4, 3, 2, 1])

bins = aggData.FrequencyAgg.quantile(q=[0, 0.2, 0.4, 0.6, 0.8, 1], interpolation= 'nearest')
bins[0] =0

F S = pd.cut(aggData.FrequencyAgg, bins, labels=[1, 2, 3, 4, 5])

bins = aggData.MonetaryAgg.quantile(q=[0, 0.2, 0.4, 0.6, 0.8, 1], interpolation= 'nearest’)
bins[0] =0

M_S = pd.cut(aggData.MonetaryAgg, bins, labels=[1, 2, 3, 4, 5])
#3RIRI=NMEEREIRHTIIEIFIFTS | iTSRGEEZ /LT,

d
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5.1 REM4M

In[1]:

aggData['R_S']=R_S
aggData['F_S']|=F_S
aggData['M_S'] =M_S
aggData['RFM'] =100 * R_S.astype(int) + 10 * \
F S.astype(int) + 1*M_S.astype(int)
bins = aggData.RFM.quantile(
q=[0, 0.125, 0.25, 0.375, 0.5, 0.625, 0.75, 0.875, 1], interpolation='nearest')
bins[0] =0
aggData['level'] = pd.cut(aggData.RFM, bins, labels=[1, 2, 3, 4, 5, 6, 71, 8])
aggData.groupby('level')['CustomerID'].agg('count’)
#1GR, FHIMBIRESDA1&/100, 10811 , itEES R EBSA/N\G , REFRITZHAL,




¥ 5 hE PANDASER DTS5 ZHA! > 5.2 FERESHT

5.2 P& oM

FEPEDITRISIRIESYINIR N EEREE ( 3dsin ) (FEADTHIERITRERDHT | 3
HfFRIBREI— 2T 5E | BFRIRBMERER DT,

BRI RIEERALITRR |, RIEAERIZKEHI TR | FEDTTHITSRIZS
BISIREA |, HITREX DR BEMERIREMERIILER , Mo TrE N REXH
PMREERIFRN , EARARREIDITIE.

RBESIMAEEESITEEIRE ZHMNA |, AfLURREREEENSZ(KIE.




V 55 hE PANDASEHR DT SZHI > 5.2 FBFESHT

5.2 P& oM

CVR (1L XE)
F—RR: ¢
. TR,
ey HAES -
RIS - HRERBES-

|

BEE-
SNEIFR . MR FNEE R M . CTR (S &)«
Btk SHIRE

§$$ﬁ~ SR,
HCERAR- HRCER
ANBERHETR - BRERBER-




¥ 5 hE PANDASER DTS5 ZHA! > 5.2 FERESHT

5.2 P& oM

In[2]:

import numpy as np

import pandas as pd

data = pd.read_csv('csv/iBfESHT.csv')

#HMEEZHLRER T BE P HrE EIE IR E

costAgg = data.groupby(by="'E1%" , as_index = False)[' 5;5% ( 7T )
'].agg('mean')

dataAgg = data.groupby(by="'E&19" , as_index = False)[' B/ =
( MIB ) '].agg('mean')

aggData = costAgg.merge(dataAgqg)

# [T B B T (S
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5.3 H R4

HZY,

HAREERRN , EAIIRINE MO AZT S ZHERANEMIIR R R YA

FERRAR | RIAFEIE™E. MAERIERR. IEER—ARIIE—

H—UMREEETHESZEMN , BEE—EIMNE,

O FRECRR - BRZEFERTRER , AILUE

—ERIEFRIATVRR R,

RO D AZIEERFAFZMEEXR | BEITIEZEREX.

18 B pearsontH X R & K F L EHRAYE)

&, 3

EME[-1,1],

=2l

BHY ,

d



V 5= PANDASEROITSZEG) » 5.3 1HESHT

5.3 H 3R 4r#h

In[3]:  import numpy as np
import pandas as pd
data = pd.read_csv('csv/{FFE L Hr.csv')
datal' A [T'].corr(data[' X 5&])
corrMatrix = dataf[
\EBIaER, W LEHE, X5, ' AL
]]-corr() # method=‘pearson’,’kendall’,’spearman’

corriMatrix

d
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5.4.1 LM 34 Hr

In[4]:  import numpy as np

import pandas as pd

import matplotlib as mpl

from sklearn.linear model import LinearRegression

mpl.rcParams['font.sans-serif'] = ['KaiTi'] #plotEHZHIXFF1E
mpl.rcParams['font.serif'| = ['KaiTi']

data = pd.read_csv('csv/iG8EZZ[o]/H.csv')

d
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5.4.1 LM 34 Hr

In[4]:  import numpy as np

import pandas as pd

import matplotlib as mpl

from sklearn.linear model import LinearRegression

mpl.rcParams['font.sans-serif'] = ['KaiTi'] #plotEHZHIXFF1E
mpl.rcParams['font.serif'| = ['KaiTi']

data = pd.read_csv('csv/iG8EZZ[o]/H.csv')

d
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5.4.1 LM 34 Hr

In[4]:

x = data[['/ SZH(/77T)'1]
y = data[['tHEHI(/57T)']

datal'/ &2 /H()57T)'].corr(datal f5EEI(J77T)'])
data.plot('/ &2 (57T, ' EHEFN()57T), kind='scatter’)
#HKL SHHEEZIINEHR 72, H i EL b= E

d
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5.4.1 LM 34 Hr

In[4]: | IrModel = LinearRegression()
IrModel.fit(x, y) # 1S5
print(IrModel.coef ) # &#(
print(ItModel.intercept ) # &
IrModel.score(x,y) # ENLE , RER
pX = pd.DataFrame(

{/ EZR(57D)'": [20]}

)
IrModel.predict(pX)
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5.4.2 ZEMIH4Hr

In[5]:  import numpy as np

import pandas as pd

import matplotlib as mpl

from sklearn.linear model import LinearRegression

mpl.rcParams('font.sans-serif'|] = ['KaiTi']
mpl.rcParams['font.serif'] = ['KaiTi']

data = pd.read_csv('csv/ZELMEL]/H.csv') #Z N EHZT=

d
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5.4.2 ZEMIH4Hr

51 x = data[ S ZBB 5D, ' BB EAL]
y = data[[ S&EEH(57T) ]

datal'/ &2 /H()57T)'].corr(datal f5EEI(J77T)'])
data[' &;wE(/IAR)'].corr(data[ HEEN/T7T)'])

data.plot('/ &2 B()57T), ' FHEEN(57T)', kind="scatter")
data.plot(' &= (/IAA), " FHEEN57T)', kind="scatter")

d
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5.4.2 ZENEH4

In[5]: @ IrModel = LinearRegression()
IrModel.fit(x, y)
print(IrModel.coef ) # &#(
print(IrModel.intercept ) # ZtfE
IrModel.score(x,y) # #MEHE , BERE
pX = pd.DataFrame(

{/ EZR/A(57m)": [20],

\Ema(IANR: [5]

}

)
IrModel.predict(pX)

d
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5.5 PANDAS /#7245

In[6]:

import numpy as np
import pandas as pd

df = pd.read_csv(‘csv/job.csv', encoding='gb2312")
df.info() #EEEVEIEIERIS S

print(len(df.positionld.unique() # AELEHIFZZID

df new = df.drop_duplicates(subset='positionld', keep='first')
df new.info()

d
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5.5 PANDAS /#7245

In[6]:

d

def cut word(word, method): #HLIMET EFEIE
position = word.find('-')
length = len(word)
if position = -1:
bottom_salary = word[:position - 1]
top_salary = word[position + 1: length - 1]
else:
top_salary = bottom_salary = word[:word.upper().find('K")]
if method == 'bottom':
return bottom_salary
else:
return top_salary
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5.5 PANDAS /#7245

In[6]:

HGA L EE0E , FIEmIE. RS LE

df new['bottomSalary'] = df new.salary.apply(cut_word,
method='bottom')

df new.bottomSalary = df new.bottomSalary.astype('int')

df new['topSalary'] = df new.salary.apply(cut_word,
method='top')

df new.topSalary = df new.fopSalary.astype('int')

df new['avgSalary'] = (df new.bottomSalary + df new.topSalary)
/2

d
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5.5 PANDAS /#7245

In[7]: df clean = df new[['city', 'companyShortName', 'companySize', 'education’,
'positionName', 'positionLables', 'workYear', 'avgSalary']]

df clean.city.value _counts() #JFZTZFITEY

df clean.describe()

H R B EE

df clean.groupby('city').count()

df clean.groupby('city').mean()

df clean.groupby(['city','education']).mean()

df clean.groupby(['city','education']).mean().unstack() #7754 &5

df clean.groupby(['city','education']).avgSalary.count().unstack() #17745&

L NTE

df clean.groupby('companyShortName').avgSalary.agg(['count',

'mean']).sort_values(by='count',ascending=False)

df clean.groupby('companyShortName').avgSalary.agg(lambda x:max(x) -

min(x))

d
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5.5 PANDAS /#7245

In[7]:

R , IEFEEEDHNTIP. AR KET5
def topN(df, n=35):
counts = df.value counts()

return counts.sort values(ascending=False)[:n]

df clean.groupby('city').companyShortName.apply(topN)
df clean.groupby('city').positionName.apply(topN)

d
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5.5 PANDAS /#7245

In[8]:

# FrEKF

bins = [0, 3, 5, 10, 15, 20, 30, 100]

level = ['0-3', '3-5', '5-10','10-15", '15-20', '20-30', '30-100']

df clean['level'] = pd.cut(df clean['avgSalary'], bins=bins, labels=level)
df clean[['avgSalary', 'level']]

d
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5.5 PANDAS /#7245

In[9]:

HLLEES T B 72

word = df clean.positionLables.str[1:-1].str.replace('', ")

df word = word.dropna().str.split(',').apply(pd.value_counts)
df word.unstack().dropna().reset_index()
df word.unstack().dropna().reset_index().groupby(‘'level_0').count()







